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Introduction Training outcomes

o . . e Participants: The initial plan was to identify one train-
Strategy meeting with Ghana Health Service leadership
identifying the capacity to build risk maps as a priority ee each from the DSD and PPME GHS groups. However,
there was overwhelming interest, with nine GHS staff
requesting to join. Ultimately, three were selected for
the data analyst pathway and six for the data technician
pathway.

e Ghana faces climate-sensitive disease
outbreaks like yellow fever and bacterial
meningitis.

e Environmental factors drive disease pat-
terns, making spatial analysis critical.

* Flexible scheduling: To accommodate demanding
GHS work schedules, most training sessions were held
on weekends, ensuring full participation.

* Project uses geospatial modeling to
Identify and monitor risk zones.

e Partnership among U-M, JHU, UG, and
GHS combines expertise and local imple-
mentation.

* Advanced workshop: After developing fundamental
skills in R statistical environment, data analysts partici-
pated in a one-week intensive workshop at the Universi-
ty of Michigan, working closely with faculty to deepen
geospatial mapping skills and refine final strategies for
project success.

e GHS staff data analytics training en-
sures sustainability, fostering local lead-
ership in analytics.

e Empowering GHS with risk map tools
strengthens outbreak response and
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e Curriculum: Covered data handling,
statistical analysis, spatial thinking, GIS
workflows, disease mapping, climate & » e
data integration, and applied modeling. j
e Applied Approach: Learning included
practical exercises, working with real Lﬂﬁ?ﬁ
datasets, and iterative mentorship to T T emmen &
bUlld la Stlng cd paCIty fOr Cllmate'senSI' LT s K LISA Cluster Type [l Low-Low High-Low Low-High || High-High Generated from 2019-2024 data, including annual vaccination
. . . -l S coverage, monthly mean temperature, monthly mean NDVI, and
tlve dlsease analythS. mmvme — monthly mean precipitation.

Publicize and receive trainee applications

Finalize trainee selections

Hire data analyst trainer (from Univ Ghana)

Kick-off and weekly training (virtual)

In-person training workshops in Ghana

Health Service data collection (events, vaccinations)

Initial environmental covariate collection

Data cleaning and intergration

Initial risk-map models

In-person workshop at UM with trainees and faculty

NCE timeline

Project goals

Further covariate data collection

Generate clean GIS Patient/Facility lists

District-level Model development

Patient-level Model development

Validation of risk maps

Updates/Dissemination

Initial presentation to Ghana Health Service

Presentation to GHS leadership for proposed
applications
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